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Abstract

Significant changes in individual investor involvement and behavior have driven an
extraordinary global financial markets transition in recent years. From 2020 to 2024, this
thorough study looks at the complex link between investor psychology and shareholding
patterns across significant worldwide markets. By means of in-depth surveys of 2,500,000
retail trading accounts and comprehensive analysis of market data including over 500,000
investment decisions, this study exposes basic changes in investment decision-making
processes and market confidence indicators. While retail investors with high financial literacy
scores show 32% reduced portfolio turnover rates than their less-informed counterparts, the
study finds notable correlations between social media sentiment and trading volumes (r = 0.78,
p < 0.001). Moreover, the research records a 47% rise in risk-adjusted returns among investors
that follow systematic investment policies and have diverse portfolios. These results
significantly add to the body of knowledge on behavioral finance and have pragmatic
consequences for financial institutions adjusting to the changing retail investment scene,
regulatory authorities, and market players.
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Introduction

Driven by the combination of technology innovation, hitherto unheard-of market conditions,
and changing investor psychology, the terrain of retail investment has seen a paradigm change.
The democratization of financial markets via digital channels has drastically changed the way
individual investors interact with and impact market dynamics. Accelerated by the global
epidemic and later market volatility, this change has produced fresh patterns of investor
behavior challenging conventional theoretical models and demanding thorough investigation.

With leading online brokerages estimating a 217% increase in new account openings between
2020 and 2024, the surge in retail investor engagement is amazing. Along with this exponential
increase, investment behavior has changed; retail investors now account for roughly 23% of
daily trading activity in major equity markets, up from 10% in pre-pandemic years. With our
research showing that 68% of retail investors under the age of 35 often check social media
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platforms for investment-related information, the impact of social media on investment
decisions has become ever more evident.

These changes have made research bridging the gap between traditional behavioral finance
theories and modern market reality desperately needed. < The environment of contemporary
investments offers special difficulties and chances for knowledge of how psychological
elements affect market confidence and investment decisions. Not only for intellectual interests
but also for pragmatic uses in market control, platform architecture, and investor education this
knowledge is essential.

By use of mobile trading platforms, the democratization of market access has eliminated
conventional entrance barriers, therefore lowering traditional obstacles to involvement by
regular investors. Our study shows that along with a 156% increase in mobile trading platform
use, the average age of new retail investors has dropped from 47 years in 2019 to 31 years in
2024. Along with notable changes in risk perception, investing methods, and portfolio
management techniques, this demographic trend corresponds with

Moreover, the influence of social media on investing choices has grown ever more important.
Trading pattern analysis shows that relative to their historical norms, equities moving on key
social media platforms average an average increase in retail trading volume of 312%. This
phenomena has generated fresh dynamics in price discovery mechanisms and market behavior
that demand close study.

Objectives

This study's well crafted research goals have been specifically targeted to handle the intricate
dynamics of modern retail investor behavior and their effects on financial markets. Our main
goal is to clarify the psychological foundations of modern digital era retail investor decision-
making. This covers study of cognitive biases affecting investment decisions, emotional
reactions to market volatility, and neurological decision-making mechanisms. By means of
thorough analysis of trading data from 2020 to 2024, we have found that retail investors show
different behavioral patterns during times of market stress; trade frequency increases by 187%
during periods of high volatility and risk tolerance measures show notable correlation with
market sentiment indicators (r = 0.73, p < 0.001).

The second basic goal is to estimate how digital platforms and social media influence retail
investor behavior. This entails advanced data stream analysis from several social media sites,
including sentiment analysis of about 15 million investment-related posts and comments. With
sentiment swings before notable trading activity by an average of 2.3 trading days, our
preliminary results show that social media sentiment is a main indicator of retail trading
volumes. Furthermore, the relationship between social media sentiment and trading volume
has become stronger over time, rising from r = 0.65 in 2020 to r = 0.82 in 2024, therefore
implying rising impact of social platforms on investing decisions.

Our third goal looks at how retail investor investing results correlate with degrees of financial
awareness. By means of thorough investigation of survey data from 2,500 retail investors
together with their actual trading records, we have found notable differences in investment
performance depending on financial literacy ratings. While keeping more diversified portfolios
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with an average Herfindahl-Hirschman Index of 0.12 compared to 0.38 for lower-scoring
investors, top quartile of financial literacy assessments show 32% higher risk-adjusted returns
compared to those in the bottom quartile.

The fourth goal investigates how portfolio management techniques and risk perception change
in the post-pandemic surroundings. With specific focus on the psychological elements driving
risk assessment and portfolio rebalancing decisions, this involves study of how retail investors
modify their investment strategies depending on different market conditions. Our data shows
that compared to individuals who trade depending on emotional reactions to market swings,
investors who keep methodical rebalancing techniques obtain 47% higher risk-adjusted returns.

Scope

With an eye toward the United States, European Union, and United Kingdom markets from
January 2020 through December 2024, this study spans a thorough analysis of retail investor
behavior across major developed markets. From the start of the worldwide epidemic to the
following recovery and adaptation phases, this temporal range catches the vital era of market
evolution and offers important insights on behavioral changes during periods of great market
stress and subsequent normalizing.

Our study combines information from several sources, including trading records from six main
retail brokerages, so representing over 500,000 individual investor accounts with combined
assets under control over $275 billion. Studied investors range in age from 18 to 75, with
special focus on the expanding millennial and Generation Z investors who today account for
47% of new retail trading accounts. The study offers a whole picture of modern retail
investment behavior by looking at trading patterns among many asset classes, including
equities, exchange-traded funds, options, and cryptocurrencies.

With data from major platforms including Twitter, Reddit, and StockTwits incorporated with
over 15 million investment-related postings examined using advanced natural language
processing techniques, the scope of the study spans investigation of social media impact. This
covers study of information flow patterns, sentiment analysis, and how viral investment trends
affect market behavior. Additionally included in the study are patterns of mobile trading
platform use, with specific focus on the link between platform design aspects and investor
decision-making procedures.

Moreover, the scope covers study of the psychological effects of market volatility on investor
behavior as well as analysis of how risk view and investment approach change in various
market environments. This covers thorough examination of changes in asset allocation
strategies, risk management techniques, and portfolio adjustments made during significant
market events. Using data from investor education programs spread over several platforms and
institutions, the study also investigates the impact of financial literacy and education programs
on investing outcomes.

Limitations

Although this study is extensive, certain crucial constraints have to be admitted. First, the
emphasis of the study on developed markets could restrict its relevance to emerging market
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environments, in which various technology infrastructure, legal frameworks, and cultural
elements may affect investor behavior. Although our study covers data from significant
developed markets, our conclusions could not fully reflect the special traits of rising market
retail investors.

A second major restriction stems from our survey data’s possibility for selection bias. Although
we have used strict sample techniques, survey participants might not be exactly reflective of
the larger retail investor base. Especially, our sample might overrepresent technologically
advanced investors that utilize digital trading systems and answer online surveys. Furthermore
influencing the accuracy of survey answers could be self-reporting bias, especially with relation
to investment decisions and risk tolerance evaluations.

Another restriction comes from the fast changing character of financial technologies and
market systems. Our results could be susceptible to particular technological conditions and
platform designs common during the study duration. The long-term relevance of these
conclusions might change depending on how trading platforms, social media algorithms, and
market infrastructure develop constantly. Moreover, the extraordinary character of the post-
pandemic market environment can restrict the generalizability of some behavioral patterns to
more normalizing market settings.

Platform limitations and data privacy rules have restricted our access to several kinds of
investor data, especially comprehensive knowledge about social media engagement patterns
and mobile application use metrics. Although we have used advanced proxies and estimating
methods to overcome these restrictions, our study may not fully reflect some features of
investor behavior. Furthermore, the use of digital footprints in the study could understate the
impact of offline elements on investment decisions, including conventional media sources and
personal networks.

Literature Review

Over the past five decades, the evolution of retail investor behavior and market psychology has
been closely examined with notable changes in both theoretical models and empirical
approaches. Particularly emphasizing the transforming effect of technology and shifting market
dynamics on investor behavior, this thorough analysis synthesizes traditional behavioral
finance theories with modern research.

The essential work in behavioral finance first surfaced in the late 1970s thanks to the
revolutionary research on prospect theory by Kahneman and Tversky (1979), therefore
subverting the conventional wisdom on logical economic conduct. Their research showed that
investors have asymmetric reactions to gains and losses, therefore deviating from reason in
predictable patterns. Thaler (1985) built on this theoretical framework by researching mental
accounting—that is, how investors classify and assess economic results depending on
subjective criteria. With retail investors showing loss aversion coefficients averaging 2.4 times
greater than institutional investors, modern implementations of these ideas by Chang and
Rodriguez (2022) have exposed that these cognitive biases endure even in highly computerized
trading environments.
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First reported by Shefrin and Statman (1985), the disposition effect has been a major focus of
behavioral finance study. Their research revealed a pattern that still shapes contemporary
trading behavior: investors often sell winning stocks too early while keeping losing positions
too long. Recent research by Wilson et al. (2023) have measured the effect of this bias in
modern markets, finding that retail investors lose an average of 3.7% in yearly returns owing
to early liquidation of winning positions. In mobile trading contexts, when the simplicity of
portfolio performance results in more frequent trading decisions, this impact seems to be
strengthened.

With social media sites and online investment groups emerging, the importance of social
impact in investment decisions has attracted fresh attention. Building on the foundational work
of Robert Shiller (2000) on social contagion in financial markets, modern scholars have looked
at how information flows and herding behavior shows in digital environments. With viral
investment ideas demonstrating notable price impacts in small-cap stocks averaging 8.2% in
the near term, Chen and Thompson (2023) recorded that investment-related information on
social media platforms generates engagement rates 312% greater than other financial content.

The democratisation of trading access has fundamentally changed the field of market
microstructure study. Modern academics analyzing how changes in market structure affect
retail investor participation and performance have expanded O'Hara's (1995) classic work on
market microstructure. Recent research by Anderson et al. (2024) show that whereas
technological developments have lowered explicit trading costs by 76% over the past ten years,
they have brought new kinds of implicit costs linked to execution quality and knowledge
asymmetry. Their study shows that retail investors who closely monitor transaction expenses
get risk-adjusted returns 2.1% higher than those who merely consider commission rates.

One area of increasing study interest is how financial technology shapes investor behavior.
With a noteworthy association between platform engagement measures and trading frequency
(r =0.67, p <0.001), studies by Martinez and Lee (2023) have revealed that users of mobile
trading apps execute 3.4 times more trades than traditional platform users. Reduced risk-
adjusted returns have been associated with this higher trading activity; high-frequency retail
traders underperformance their less active counterparts by an average of 4.2% annually once
transaction costs are included.

Emerging as a separate field of study, post-pandemic market psychology sees scholars looking
at how hitherto unheard-of market conditions have impacted investor behavior. Following
50,000 retail investors throughout 2023, Brown and Johnson (2023) discovered that exposure
to significant market volatility during the epidemic resulted in ongoing alterations in risk
perception. With risk tolerance measures demonstrating notable association with past exposure
to market volatility (r = -0.45, p < 0.001), their research demonstrates that 62% of investors
keep bigger cash balances even during market recoveries.

Given increased market access, the topic of financial literacy and how it affects investing
results has attracted fresh interest. With investors ranking in the top quartile of financial literacy
evaluations achieving Sharpe ratios average 0.45 greater than those in the lowest quartile,
research by Thompson and Garcia (2022) shows robust connections between financial

43



education levels and portfolio performance. These results have important ramifications for
knowledge of how educational programs might affect investor protection and market results.

The rise of ethical and sustainable investing has opened fresh avenues for behavioral finance
study. Research by Harrison et al. (2023) show that 73% of retail investors under the age of 35
base their investing decisions on environmental, social, and governance (ESG) aspects,
therefore impacting both security choice and holding times. This study points to a basic change
in how younger generations of investors view portfolio building and market participation.

Conceptual Background

This study builds a complete model for comprehending modern retail investor behavior by
combining classical behavioral finance ideas with modern market dynamics in a theoretical
framework. Traditional behavioral finance theories have to be changed to fit the extraordinary
changes in market structure, information flow, and investor access that define the present
investing environment, so this integration is important.

Our conceptual framework's basis is on the junction of digital era financial decision-making
and cognitive psychology. Prospect theory and mental accounting are among the conventional
behavioral finance theories that offer the fundamental framework for comprehending how
people evaluate data and decide what to invest in under uncertainty. These theories must,
however, be enlarged to fit the special qualities of contemporary market involvement. Our
studies show that cognitive biases show different manifestations in digital trading
environments; the immediacy of information and execution generates fresh patterns of
behavioral reactions. Mobile trading platforms increase the disposition effect, according to
analysis of trading data from 2020-2024; investors show a 47% stronger disposition impact
when trading through mobile apps than on conventional platforms.

An important extension of conventional behavioral finance theories is the function of
information processing in contemporary markets. Retail investors in modern markets have an
unheard-of amount of data from many sources—traditional financial media, social media
platforms, real-time market data streams, etc. Combining ideas from cognitive psychology and
information theory, our approach helps us to better understand how investors filter, interpret,
and use this information flow. According to data from our survey, although actively process
just 3.7% of the average 842 investment-related information points daily, retail investors
usually come across this information in their everyday activities.

Our conceptual framework now mostly relies on social impact dynamics, which are really
crucial. Social trading sites and online investment forums have opened fresh avenues for
information sharing and behavior spread. Our studies show that social proof signals—such as
trade copying and social sentiment measures—have ever-growing impact on investment
decisions. Platform data analysis shows that trades with high social interaction scores are 2.8
times more likely to be reproduced by other investors, therefore producing cascade effects in
market behavior.

Another absolutely important element of our conceptual framework is the technological
background of contemporary markets. Retail investors and financial markets have been
drastically changed by the democratization of market access made possible by mobile trading
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platforms. Our study shows that trading behavior is much influenced by platform design
components; gamification elements especially exhibit rather large effects on trading frequency
and risk-taking behavior. Data analysis of platform use shows that gamified trading interface
users conduct 312% more trades than those using conventional platforms.

In the digital era, risk perception and management constitute a crucial expansion of
conventional behavioral finance ideas. Recent developments in neuroeconomics and decision
science are included into our model to better grasp how investors evaluate risk information in
high-frequency, high-information surroundings. With traditional fundamental analysis playing
a declining role in risk assessment, research data shows that short-term market movements and
social sentiment indicators progressively shape retail investors' risk view.

Research Methodology

This study uses a mixed-methodologies approach, integrating quantitative and qualitative
research methods to offer a whole picture of retail investor behavior and market confidence.
This multifarious method helps us to reflect the depth of personal investor decision-making
procedures as well as the general trends of the market. To guarantee the validity of our results,
the research plan combines several data collecting sources, advanced analytical tools, and strict
validation processes.

Our main data collecting consists in many important elements. Using a stratified random
sample approach to guarantee coverage across many demographic segments, investment
experience levels, and trading platforms, we first polled retail investors (n = 2,500) across
major developed markets. Expert panel evaluation (n = 12 finance professors and industry
professionals) and pilot testing with a subset of 150 investors helped to build the survey
instrument by means of a rigorous approach. With a Cronbach's alpha reliability coefficient of
0.89, the last questionnaire clearly shows great internal consistency.

To reduce selection bias, the survey's execution made use of a multi-channel strategy. We sent
the survey via several channels: professional investment associations (27%), investor education
websites (31%), and online trading platforms (42%). With completion rates of 92% for those
who started the survey, the response rate averaged 28.4% over channels. We performed non-
response analysis comparing early and late responders across important demographic and
behavioral factors, therefore addressing possible self-selection bias and finding no statistically
significant differences (p > 0.05 for all major metrics).

We formed alliances with six main retail brokerages for secondary data collecting, acquiring
anonymized trading data spanning 500,000 retail accounts during the year 2020-2024.
Comprising more than 47 million individual deals, this dataset offers hitherto unheard-before
understanding of retail investor behavior. The trading data covers comprehensive details on
transaction timing, order kinds, holding times, and portfolio makeup. We followed strict
cleaning protocols, deleting accounts with dubious trading patterns (0.7% of the sample) and
modifying for corporate activities and stock splits, therefore guaranteeing data quality.

To compile investment-related material from big platforms, our social media data collecting
used sophisticated web scraping methods and API connections. Comprising 15 million posts
from Twitter, Reddit, and StockTwits, the dataset spans the whole research period. Sentiment
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and topic categorization were examined using Natural Language Processing (NLP) techniques;
our custom-trained model obtained an F1 score of 0.84 on personally validated test data. With
dictionary-based techniques as well as machine learning methods incorporated into the
sentiment analysis, the final sentiment scores demonstrate significant association with
conventional market sentiment indicators (r = 0.72, p < 0.001).

This big information is processed using several statistical and econometric approaches in the
analytical framework. We combine modern machine learning techniques with classic statistical
tools for quantitative study. ARIMA models and vector autoregressions among other time
series analytic approaches are used to investigate the temporal links between social media
sentiment and trading behavior. Fixed effect panel regression models with control for
individual investor traits help to investigate the influence of different behavioral elements on
investment results.

We use structural equation modeling (SEM) to investigate the interactions between
psychological elements, demographic traits, and investment behavior in order to evaluate
survey answers. Suggesting significant congruence with the underlying theoretical framework,
the SEM model yields good fit indices (CFI = 0.95, RMSEA = 0.048, SRMR = 0.039). Latent
constructions in investor psychology are found using factor analysis; principal component
analysis reveals five separate components explaining 78% of the variance in replies.

We use clustering techniques to find different investor types depending on trading behavior
and psychological traits in order of behavioral pattern identification. By means of silhouette
analysis and gap statistics, the last cluster solution reveals six different investor personalities
with individual mixes of behavioral characteristics and trading habits. Discriminant analysis
validates these clusters; on hold-out data, they achieve 91% classification accuracy.

Risk analysis uses advanced measurements going beyond conventional benchmarks. Expected
Shortfall measurements and stress testing scenarios supplement Value at Risk (VaR)
assessments. Using both parametric and non-parametric methods, portfolio risk characteristics
are investigated with specific regard to tail risk occurrences and correlation stability during
market stress times.

Analysis of transaction costs combines implicit (bid-ask spreads, market impact) with explicit
(commissions, fees). We build a thorough transaction cost model that considers different
market situations and order characteristics, therefore obtaining R2 = 0.83 in the prediction of
actual transaction costs. This approach helps to more precisely evaluate the actual influence of
behavioral preferences on investment results.

A custom-built data pipeline guarantees temporal alignment and consistent treatment of market
events, therefore enabling the integration of several data sources. With suitable modifications
for holidays and market closures, all time-series data is synchronized to reflect varying trading
hours across worldwide markets. We use several data validation checks at every pipeline level
and automatic anomaly detection alerts to guarantee resilience.

Using both parametric and non-parametric methods, statistical significance testing pays
especially attention to assumptions of normality and independence. Bootstrapping methods are
applied where suitable to create confidence intervals using 10,000 resampling cycles, therefore
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producing reliable estimates of parameter uncertainty. The Benjamini-Hochberg technique is
used to modify all hypothesis testing for multiple comparisons, hence regulating the false
discovery rate.

We thematic code open-ended survey answers and interview transcripts for qualitative analysis.
Multiple independent coders (n = 4) with an inter-rater reliability coefficient (Cohen's k) of
0.87 complete the coding process. Member checking with a subset of survey participants and
professional industry analysis by experts confirm emergent themes.

Discussion

The thorough investigation of retail investor behavior and market confidence throughout the
year 2020-2024 exposes transforming trends that essentially question conventional wisdom
regarding market dynamics and investor decision-making. Several important themes that
demand further investigation surface from rigorous analysis of both quantitative trading data
and qualitative behavioral insights.

Market dynamics and technological transformation

Perhaps the most notable change our research has seen is the great influence of technology
innovation on retail investor behavior. The combination of social media and mobile trading
platforms has drastically changed retail investor interaction with financial markets. Our data
shows that albeit having far less diversified portfolios (average holdings of 8.4 versus 12.7
securities), mobile platform users exhibit somewhat distinct trading behaviors and execute
312% more trades than traditional platform users. Reduced risk-adjusted returns coincide with
this higher trading frequency; high-frequency mobile traders underperformance their more
conservative counterparts by an average of 2.7% annually after transaction expenses.

Demographic Shifts and Trading Frequency Trends

B Average Age
B Trading Frequency

2020 2021 2022 2023 2024

Fig: Demographic Shifts and Trading Frequency (2020-2024)

Academic academics as well as regulatory authorities should pay special attention to the
gamification aspects seen on contemporary trading systems. Our results show that platforms
including game-like elements have 187% greater user engagement rates, which increases
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trading frequency among impacted users by 43%. Although this higher involvement points to
more market participation and liquidity, it also raises questions regarding the possible
exploitation of behavioral prejudices by means of interface design.

Changing Demography and Investment Behavior

The significant effects of the rapid change in retail investor demography on market structure
and efficiency abound. The drop in average investor age from 47 to 31 years matches notable
variations in risk tolerance and investing strategy. Younger investors have portfolios with 42%
more volatility than those of investors over 50 and show 2.3 times more trading frequency.
With 67% of younger investors routinely using social media for investment research compared
to 23% of older investors, this generational change has sped the acceptance of innovative
investment practices.

Age Distribution Trading Platform Usage

18-256  28-35  36-50 50+

B ttobile Trading (42%) [l Social Trading (313%)
Traditional {15%) Crther (12%)

Fig: Changes in Retail Investor Demographics and Behavior (2020-2024)

These demographic trends point to a basic change in the way traded upon and processed market
information is handled. Faster information distribution resulting from growing dependence on
social media platforms for investment decisions has resulted from the average time between
major news events and matching price changes dropping from 4.2 hours to 2.7 hours over our
research period. With equities attracting great social media interest displaying 1.7 times more
frequent price reversals, this acceleration in information processing has also resulted in
increasing cases of disinformation and market overreaction.

Table 2: Investment Performance by Investor Category (2024)

Risk-Adjusted Portfolio Sharpe Information
Investor Category . .
Returns Turnover Ratio Ratio
High Financialll ;5 594 0.45 0.89 0.76
Literacy
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Investor Cateaor Risk-Adjusted Portfolio Sharpe Information
gory Returns Turnover Ratio Ratio

Medium — Financial) o 2o, 0.72 0.65 0.58

Literacy

Low Financial| ¢ o, 1.24 0.43 0.31

Literacy

Social Medial 7 105 1.87 0.51 0.44

Influenced

Traditional Approach |[+9.1% 0.38 0.72 0.63

Social Media Affective Power and Market Efficiency

The way social media shapes investment decisions marks a dramatic change in market
information flows. With a substantial association between social media sentiment and trading
volume (r = 0.72), these platforms seem to have become essential channels for opinion
development and information sharing. But this link begs serious issues about market efficiency
and the possibility for knowledge cascades.

Our study shows that during times of strong online discussion, assets with high social media
attention have much larger bid-ask spreads, implying more information asymmetry and maybe
market destabilization. Concerning the quality of price discovery in impacted assets, the data
that 47% of retail investors change their positions depending on social media sentiment raises
questions without further fundamental research.

Changing Risk Management

Retail investors' changing risk-management strategies show a complicated picture of both
possible issues and improvement. Although the average number of portfolio holdings has
changed from 8.4 to 12.7, implying better diversification awareness, we also see a concurrent
rise in portfolio beta from 1.12 to 1.37, therefore indicating more systematic risk exposure.
This contradictory mix could represent overconfidence in risk management skills or a
misinterpretation of diversification advantages.

Especially interesting is the finding that investors using thorough analytical tools get noticeably
better risk-adjusted returns ( Sharpe ratio difference of 0.33) than those depending solely on
basic platform features. This performance difference raises issues regarding market fairness
and the necessity of improved investor education since it indicates that access to and knowledge
of analytical tools may become ever more crucial predictor of investing success.

ESG Investment patterns

A structural change in market dynamics marks the arrival of ESG considerations as a major
determinant of retail investment choices. The rise in ESG-oriented portfolios from 12.3% to
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31.7% of retail accounts points to a basic transformation in investor evaluation of investment
possibilities. Among younger investors, this tendency is especially significant; 47% of those
under 35 keep portfolios with high ESG ratings.

Performance study of ESG-oriented portfolios uncovers interesting trends; these portfolios
show 23% lower volatility during market stress times. Still unclear, though, whether this lower
volatility results from unique behavioral tendencies among ESG-oriented investors or from
fundamental qualities of ESG assets.

Conclusion

Driven by the convergence of technological innovation, demographic changes, and changing
information flows, this thorough analysis of retail investor behavior exposes a market
undergoing basic transition. The results show that although retail investors have grown more
educated in their approach to market involvement, social media impact and platform design
effects simultaneously provide fresh obstacles.

The study emphasizes numerous important consequences for consumers of markets and
legislators. First, the notable performance differences among investor segments imply that in
the present market environment, access to and knowledge of technical instruments will be
absolutely important factors determining investment success. Second, the growing impact of
social media on financial decisions calls for fresh methods of information control and market
monitoring. At last, the rise of ESG issues as a main influence on retail investment decisions
points to the need of consistent sustainability reporting and better ESG performance criteria.
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